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Paper & data explorer available at  llm-span-annotators.github.io
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Models

Humans

LLMs can anotate text spans as well as skilled 
crowdworkers, but human experts are better.

TYPO

OVERGENERALIZATION

Task: Given a text & list of categories, locate and categorize the spans in the text.

Research question: Can we reliably automate span annotation with LLMs?

How well are 
the spans aligned?

crowdworkers

domain experts

vs.

Are the spans correct?

1 2 3 4 5

Takeaways
Low-to-moderate agreement 

→ LLMs cannot replace human 
annotators straight away.

LLMs are also more cost- and 
time-efficient than human 

annotators.

How efficient is each approach?

Annotator  Cost Time 

$/1k out s/out
crowdworkers 500 129.1

Llama 3.3 70B - 21.6

DeepSeek-R1 70B - 227.5

Claude 3.7 Sonnet 10.5 9.8

o3-mini 3.6 21.8

Evaluation 
Example

Output: errors in the generated forecast 
(Contradictory, Misleading)

human Claude 3.7

However, depends on 
the domain and 

annotator expertise.

In some domains, 
LLMs can replace 

skilled 
annotators.

● Pearson ρ : span counts

● γ score 
(Mathet et al., 2015)

● F1 (w/overlaps)

● Sø-score: ex. with no spans

 position
& category

open & proprietary 
LLMs

Input: weather data (JSON for models, visual 
chart for humans) & generated forecast


